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The question of how best to improve neighborhoods that lag behind has drawn 

considerable attention from policy-makers, practitioners, and academics. Many strategies 

have been proposed and tried, including subsidies, changes to tax law, investment in 

education, and improvements in physical infrastructure. These have yielded a bevy of 

studies and commentary, and there remains a vigorous debate regarding the best 

approaches to accomplish community development (Bostic, 2014). 

The topic of interest for this paper is whether crime policy can play in shaping the 

trajectory of neighborhoods and the people that live in them. Significant research efforts 

have aimed to understand neighborhood crime patterns in cities across the United States 

and how crime affects neighborhood quality, including housing values and resident health 

and well-being (Taylor, 1995 for example).  Much of this research was conducted in 

rising-crime environments, and the evidence was clear. High levels and elevating rates of 

crime in a neighborhood have adverse effects on neighborhood and individual quality of 

life.  

This finding begs a question: is the dynamic relationship between crime and 

neighborhoods symmetric? That is, if increasing crime has negative effects, does 

declining crime have positive effects that lead to measurable change?  If so, this would 

suggest that policies focused on reducing crime could be an effective and potentially 

important economic development tool.  One version of this argument has been proposed, 

namely the “broken windows” strategy that posits that vigorous enforcement of relatively 

minor infractions sparks a dynamic that leads to across-the-board reductions in crime and 

eventually increases in neighborhood quality (Kelling and Wilson, 1982). Empirical 

studies of this theory have yielded only mixed results, however (Harcourt and Ludwig, 

2006; Corman and Mocan, 2005). So the question remains unresolved. 

This paper seeks to contribute to this literature using a different approach. In this 

study, we examine how private investment in neighborhoods in two cities – Chicago and 

Los Angeles – changed as the incidence (and rate) of crime in those neighborhoods 

changed during the 2000s, a period when crime was declining city-wide in both places.  

Using detailed block-level data on the location of crime and private investments, the 

analysis tries to answer two questions. First, we seek evidence of whether changes in 

crime appear to affect private development decisions. The answer is yes. Private 
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investment, as represented by building permit purchases, increases on blocks where crime 

falls in the previous 6 months.  The magnitude of the relationship varies across the two 

studies, but the finding is robust. Second, we try to identify if some neighborhoods 

benefit more from declines in crime. The answer here is also yes. We find that those 

neighborhoods with the highest levels of crime are the greatest beneficiaries in terms of 

increases in building permit activity when crime falls.  Taken together, these results 

suggest that crime-reduction policies can be an effective economic development tool, but 

only in certain neighborhoods facing specific circumstances.  

The paper is organized as follows. First, we provide background on what is known 

about the relationship between neighborhoods and crime.  Next, we discuss the 

theoretical relationships regarding how changes in crime might influence the level of 

private investment in a neighborhood. We then turn to the empirical analysis, by first 

introducing the data and methodology and then reviewing our results. We close with 

some concluding thoughts.   

 

Background – Neighborhoods and Crime 

Studies have shown that crime affects many different dimensions of neighborhoods 

and quality of life.  In the context of economic development and community 

revitalization, perhaps the most important dimensions to consider are those associated 

with signals of the perceived value of communities, whether economic or otherwise. 

Evidence suggests that crime has a negative effect on people’s attachment and 

satisfaction with a neighborhood.  Using a survey of 63 blocks in 12 neighborhoods in 

Baltimore, Taylor, Gottfredson, and Brower (1985) find that people in higher crime 

neighborhoods with more crime have weaker attachments to the place and are less 

satisfied with their communities.  Taylor (1995) similarly finds that housing prices are 

lower in communities with higher crime, holding all else equal. The negative association 

between crime and neighborhood value poses a challenge for those seeking to redevelop 

or spark investment in a community with high crime. 

Another important dimension is how crime affects the stability of neighborhoods. 

Here, too, the relationship is negative.  Looking at Los Angeles, Boggess and Hipp 

(2010) find that high levels of violent crime lead to higher levels of resident instability, 
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measured as either total population or homeowner turnover. The researchers find that the 

effect of population turnover on the incidence of violent crime is less definitive. 

Interestingly, they find a response asymmetry, with the effect of crime on instability 

being much larger than the reverse effect.   

Research has also looked at how crime affects willingness to migrate into or out of a 

community.  Cullen and Levitt (1999) find that each additional crime results in a one 

person decline in a city’s population, with the decline driven by increases in the pace of 

out-migration.  On the flip side, Katzman (1980) shows that crime is associated with 

lower levels of in-migration of wealthier families and families with children. 

Interestingly, he finds no evidence that crime levels increase the pace of out-migration 

among these families.  

On balance, a review of the literature leads one to conclude that elevated levels of 

crime accelerate out-migration from and retard in-migration to a neighborhood. Not much 

has been discovered regarding what happens when crime falls.  The evidence we do have, 

however, suggests that one should not assume that a symmetric relationship prevails. 

There has also been research on how investments in neighborhoods affect the location 

and incidence of crime. The evidence here is mixed.  For example, Brown, Perkins and 

Brown (2004) find that remediation and redevelopment of brownfield sites moves crime 

further away. Similarly, Freedman and Owens (2011) find that the development of new 

low-income housing reduces violent crime in the poorest neighborhoods.  Other research, 

however, has found that many investments in affordable housing have no impact on 

crime (Lens, forthcoming; Lens, 2013; Galster, et al., 2003). Other research has also 

found no effect of investments on levels of crime (MacDonald, et al., 2013). 

What this literature review reveals is that, while there is evidence on the relationship 

between increases in crime and neighborhoods and on the impact of neighborhood-level 

investment on crime, very little is known about the relationship of interest to us: how 

reductions in crime affect investment in a neighborhood. The current research seeks to fill 

that gap. 

 

The Relationship between Crime and Private Investment in Neighborhoods 
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In thinking about how changes in crime in a neighborhood might impact decisions for 

private agents to invest in that neighborhood, it is helpful to separately consider the 

perspectives of those already living or operating a business in the neighborhood 

(“insiders”) and those living or with business interests elsewhere (“outsiders”). 

Responses might also differ depending on the type of crime whose incidence changes. In 

particular, responses to changes in violent crime are likely to be more stark than changes 

in property and other types of crime, as the prospect of bodily harm or death is likely to 

be a powerful negative motivation. 

To demonstrate, it is helpful to start with the familiar case of a response to an increase 

in crime. Looking first at violent crime, insiders are likely to have two possible reactions.  

One reaction could be to take steps to limit financial (and personal) exposure to the 

neighborhood. This could involve stopping or reducing the level of investment in the 

neighborhood or removing any assets that could be a liability, perhaps through 

demolition. A second potential response could be to invest to upgrade security at a 

property. Neither of these types of investments is likely to stimulate growth and 

development in the neighborhood.  Increases in violent crime are likely to dissuade 

outsiders from investing, with renovation not possible. 

The theoretical response to increases in the incidence of property crime is a bit more 

nuanced, because the signal that such increases represent is less clear.  It could be that the 

increases in property crime represent a broad-based decline in the neighborhood, such 

that neither insiders nor outsiders are inclined to invest.  By contrast, property crime 

could be perceived as a nuisance but not directly indicative of the neighborhood’s 

potential. In this instance, outsiders might yet find neighborhood opportunities attractive 

and choose to invest if the cost of crime is lower than potential benefit of investment.  

Insiders could follow a similar calculus. 

Regarding declines in crime, one possibility is that reactions are symmetric, so that 

responses to declines would be equal and opposite to private responses to increases in 

crime. Thus, declines in crime should be followed by increases in both insider and 

outsider private investment. This might not hold, though, if there are threshold effects. 

For example, it could be the case that investment will only occur if levels of crime fall 

below some level, so that trajectory is not a sufficient metric. Such an approach is 
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certainly plausible in the case of violent crime, though it could hold for other types of 

crime as well.    

An additional important consideration is whether any observed relationships hold 

equally across all types of neighborhoods. One might expect to see systematic variation 

in any crime-investment relationships according to particular neighborhood 

characteristics because correlations have been found between crime and certain 

characteristics.  For example, Krivo and Peterson (1996) found that extremely 

disadvantaged areas, defined using an index of distress and disadvantage, have higher 

levels of violent crime.  Similarly, evidence suggests that crime dynamics in Latino 

neighborhoods are different from those in other neighborhoods.  Boggess and Hipp 

(2010) find that stable Latino neighborhoods are insulated to some extent against 

violence.  Similarly, Burchfield and Silver (2013) interpret their results as suggesting that 

crime in Latino neighborhoods is less a function of collective efficacy than in other 

places. To the extent that private investors are aware or perceive that there are different 

crime dynamics in neighborhoods, they may be more or less sensitive to a given change 

in crime in a neighborhood.   

 

Data and Approach 

The current research seeks to uncover relationships between declines in crime in 

neighborhoods and private investment and answer some of the questions raised above.  

To do this, we focus our analysis on Chicago and Los Angeles, two large vibrant cities 

that have very different land use patterns and housing stock (see table 1). Finding similar 

relationships across the neighborhoods of these large cities would create a marker 

regarding the relationship between neighborhood crime and private investment. 

Our data are drawn from varied sources and over varied time periods, but we obtained 

the same information from both cities.  In particular, we have location-specific data on 

crimes, building permits, and building code violations.  In Los Angeles, the Los Angeles 

Police Department provided data on all crimes between1999 and 2012.  The city’s 

Department of Building and Safety provided the data on building permits from 1999 to 

2012 and service requests (which includes building code violations) from 2002 to 2013. 

For Chicago, the crime data was obtained from the Chicago Police Department and spans 
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2001 to 2012.The building permit and building code violation data were obtained from 

the Chicago Department of Buildings.  

These data are quite detailed in the information they provide.  The crime data indicate 

the type of crime (violent, property, etc.), the date it occurred, and the location/address 

where the criminal activity took place. For the data on building permits, which is our 

proxy for private investment, we have information on the address for the permit, the type 

of permit (new building, renovation, demolition), and the value of the work being done. 

The building code violation data includes a breakdown by type of violation, such as 

having overgrown or excessive vegetation, having trash or debris on private property, or 

operating a business from a house or garage. Inclusion of code violations in our analytical 

framework allows us to control for the level of disorder in a neighborhood, and 

distinguish disorder from crime. Overall, the detail of our database allows us to gain a 

more nuanced understanding of the relationship between crime and private investment, 

including whether any observed relationships vary by type of crime, permit, or code 

violation. We run such tests below.  

Figure 1 shows how crime has evolved from 2005 to 2011. The data show a broad 

general decline in the level of crime, with some seasonal variation driving the uneven 

trajectory.  Overall, crime in Los Angeles was down by 17 percent and crime in Chicago 

was 28 percent lower.  Figure 2 shows how crime and building permits are distributed 

across blockfaces in the two cities. The data show that the crime and building permits are 

both skewed geographically. In the vast majority of cases, the typical blockface saw no 

crime or permits in a given 6 month period (which we call a “semester”), with a small but 

measurable number of blockfaces experiencing relatively high levels of crime. Property 

crime is far more common that violent crime, occurring 3 to 4 times as often. In terms of 

permits, more than 75 percent of all permits were for renovation. In Los Angeles, permits 

for new building were twice as common as permits for demolition, while the frequency of 

these two permit types was comparable in Chicago. 

Using these data, we ask if either the level of crime or changes in crime levels in a 

neighborhood is associated with subsequent changes in the number of building permits in 

that neighborhood.  The unit of observation is the blockface, defined as a street segment 

between the two closest cross-streets, so the test is whether crime that occurs on a 
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blockface affects the amount of investment that occurs on that blockface in subsequent 

periods. Our specification includes fixed effects at the blockface level and for census tract 

by semester (i.e., 6 months). For time, we track activity by semester rather than by 

quarter to obtain more variation in the number of crimes and permits on a blockface. 

Semesters are overlapping by quarter (i.e., semester t includes quarter t and quarter t+1, 

semester t+1 includes quarter t+1 and quarter t+2).   

The estimated equation is: 

 

                                                            
 

In this specification, permitsbt is the number of permits pulled on a blockface in a 

semester t; crimebt-i is the number of crimes in the semester lagged i periods; violbt-1 is the 

number of building code violations in the previous semester; γb is the blockface fixed 

effect; and δt is the year and semester time trend for the census tract. 

Regarding this specification, one issue that must be resolved is the appropriate lag 

structure for crime.  The effect of a change in crime could extend beyond the period 

immediately following when the crime occurs.  For example, a murder in a neighborhood 

might change perceptions of that neighborhood that lasts for an extended period.  As we 

have no prior as to what an appropriate lag structure should be, we examined this 

empirically. Our evaluation included simple regressions of lagged 12-month and 6-month 

counts of crime on building permits. Table 2 shows one set of these regression results 

using the 12-month counts of crime.  The data show clearly that 2-year lags are most 

appropriate in both Chicago and Los Angeles, but that the third year diverges in the two 

cities.  Similar results are observed using the 6-month counts.  For consistency, in the 

analysis below we use two-year lags for both cities. Future research will seek to better 

understand the underlying dynamics that drive the lag structure. 

 

Results 

Table 3 shows the initial results of our baseline regression. These regressions include 

fixed effects for time and blockface, which capture considerable variation in the data. To 

control for other disorder on the blockface that may be correlated with changes in crime 

and building activity, the models also include a measure of the total number of building 
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violations reported in the past year. For this and all subsequent regressions, the data 

covers the period from the first quarter of 2005 through the fourth quarter of 2011 for the 

dependent variable. We add the appropriate lags for crime and violations to complete the 

dataset.  The regressions show high goodness of fit, particularly for Chicago.  

The results show a significant relationship between crime on a block and subsequent 

building permits for both Los Angeles and Chicago.  In both cases, reductions (increases) 

in crime in a given year are associated with higher (lower) building permit activity in the 

following year, and this sensitivity to crime persists over time, though with a declining 

magnitude.  There is an order of magnitude difference in the responses across the two 

cities, however.  In Los Angeles, a 10 percent reduction in crime in a given year is 

associated with a 1.0 percent next-year response in building permits, while a reduction in 

crime of the same magnitude in Chicago is associated with a 0.1 percent building permit 

response. We also see differences in how quickly crime effects dissipate. In Los Angeles, 

the size of the effect for the level of crime two years prior is less than half the size of the 

effect for crime in the immediately prior year. In Chicago, the two-year lag effect is 70 

percent of the one-year lag effect.   

Aside from the direct effect of changes in crime on subsequent building permit 

activity, we are further interested in the contours of that relationship. One dimension to 

consider is whether there are threshold effects, such that reductions in crime are only 

meaningful if levels of crime exceed some minimum level.
1
  We test for threshold effects 

by creating dummy variables indicating if a block face had crime in the previous year that 

exceeded a certain level and substituting these in the regression for the variable indicating 

the count of the number of crimes. The results are shown in Table 4. 

We see that there indeed appear to be threshold effects.  In both cities, changes in 

crime that include blockfaces that have low levels of crime (i.e., 2 or 3 crimes in the past 

year) show no significant relationship with the number of building permits that are 

purchased.  The minimum threshold level varies between Los Angeles and Chicago.  In 

Los Angeles, a private investment response appears when block faces have 4 or more 

crimes in the prior year.  For Chicago, minimum threshold level for a block face is 5 

                                                 
1
 Or conversely, such that increases in crime are only meaningful if they cause the level of crime to exceed 

some minimum level.  
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crimes. In both cities, the effect generally increases monotonically with the number of 

crimes. That is, the effect of changes in crime is most dramatic for those blocks with the 

highest numbers of crime. In both cities, the building permit response for changes in 

blocks with more than 9 crimes in the prior year is more than double the response to 

changes in blocks with more than 5 crimes.  

Another way to consider the dynamics of this relationship is to first group blockfaces 

according to their level of crime at the beginning of the analytical period (i.e., in 2001) 

and then re-estimate our base equation. This exercise is carried out in table 5, where we 

have stratified the sample based on quartiles of total crime in 2001, with the first quartile 

having the lowest level of crime in that year. The results are broadly consistent with what 

was observed in table 4. We see either no or a weak significant relationship between 

changes in crime and subsequent building permit activity for those blocks that were low 

crime blocks at the beginning of the period (first quartile).  By contrast, we observe 

significant relationships for the remaining three quartiles, with the signs conforming to 

the patterns observed in our baseline regression.  There are some differences in the 

patterns observed for the two cities.  In Los Angeles the relationship is strongest for the 

highest crime blocks (fourth quartile), whereas Chicago shows stronger relationships for 

blocks in the middle 50 percent of the distribution (the second and third quartiles). That 

noted, Chicago does mirror Los Angeles in that the fourth quartile shows crime effects 

that persist beyond a single year. Interestingly, the strongest persistence relationship in 

Chicago is seen among blocks with elevated though not the highest rates of crime (the 

third quartile). 

An additional question is whether investment is sensitive to the type of crime that 

occurs.  As discussed above, investors could be more invariant to changes in violent 

crime.  We test for this by decomposing the crime variable and including independent 

variables for violent, property and public order crimes.
2
 Following our baseline 

specification, we apply the two-year lag structure. The results, shown in table 6, indicate 

that the building permit response to changes in crime differs by type of crime. First, we 

                                                 
2
 The measures of violent, property, and public order crime do not sum to the total number of crimes on a 

blockface. Violent crimes are UCR part I category crimes (murder/homicide, robbery, felony assault, rape), 

property crimes are UCR part I category crimes (burglary, larceny/theft, motor vehicle theft, arson), and 

public order crimes are lower level crimes including graffiti, loitering, prostitution, drugs, and weapons 

offenses. 
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observe response sensitivity to all types of crime. Building permit frequency on a block 

face is most sensitive to changes in property crime on that block, with the relationship 

being that reductions in crime are associated with increases in building permits.  In Los 

Angeles, the magnitude of the property crime effect is more than four times that of either 

violent or public order crime. In Chicago, the magnitude difference, though smaller, 

remains sizable at twice as large.  The results for violent crime and public order crime 

raise questions. In both cases, we observe a positive coefficient in one city, suggesting 

that reductions in crime are associated with reductions in building permit activity.  This 

runs counter to expectations and merits further study. 

 

The effect of building code violations on building permits 

While the positive association between reductions in crime and subsequent 

investment is consistent with expectations, and suggest some degree of symmetry in the 

reaction to changes in the prevalence of crime, the finding that building permit activity is 

positively associated with changes in building code violations is somewhat surprising.  

One might expect that code violations would be indicative of community disorder and 

would be a deterrent to private investment.  The robustness of this result for both Los 

Angeles and Chicago across the various tests we run suggests a more complex story.   

To explore this further, using the Los Angeles data on building code violations, we 

group code violations according to whether they involve construction-related issues, 

neighborhood disturbance problems, or other challenges. The “other” category includes 

violations such as locations having yard sales, outdoor advertisements or issues regarding 

tennis court or flood lights (NOTE: The Chicago data are not sufficiently detailed to 

permit such a decomposition.) We then re-estimated the regressions including counts of 

the subcategories of the violations as a regressor in place of total violations.   

Table 7 shows the results of this exercise. Two results conform with expectations and 

intuition. First, building permit activity is positively associated with changes in 

construction-related code violations, which is consistent with the notion that new building 

activity will occur in places where construction is already taking place. In other words, 

investment follows development. Second, building permit activity is negatively 

associated with changes in violations involving non-construction items.  This is 
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consistent with the public order/disorder view embodied in the broken windows theory of 

neighborhood development. The third result, a positive relationship between building 

permit activity and public disturbance code violations, is perhaps counter-intuitive. One 

might have expected these types of violations to be indicative of neighborhood 

instability, and therefore reduced investment. Alternatively, these types of violations 

might be indicators of shifting uses of the neighborhood – i.e. as new owners move in, 

they lodge more complaints about nuisance issues such as overgrown vegetation, vacant 

lots, or noise. More analysis is needed to explain this finding. 

 

Conclusion 

This study sought to examine the relationship between changes in crime and private 

investment in neighborhoods.  This is an important question, given the long-standing 

interest in community development and the perception that crime is an important barrier 

to progress.  This perception has not been demonstrated empirically, though. This 

research is an attempt to improve our understanding of this dynamic. 

Using detailed data from Los Angeles and Chicago, the analysis examined the 

relationship between changes in crime on blockfaces and subsequent changes in the 

number of building permits pulled on that block.  We find that reductions in crime are 

associated with increases in building permit activity.  Our analysis shows that the effects 

persist over time, with responsiveness to a change in crime in a given year having an 

influence on the level of permits two years later. We additionally find threshold effects, 

with the relationship between building permit activity and changes in crime applying only 

in those blocks with more than 4 crimes in a year. The relationship is strongest in those 

blocks with the highest initial levels of crime. Moreover, no significant relationship was 

observed for low-crime blocks.  Finally, the building permit activity varies with the type 

of crime, with property crime changes leading to the biggest changes in building permit 

activity.   

The analysis leaves several questions that remain unanswered.  The results when 

variation in type of crime was introduced included some counter-intuitive findings, as did 

the results for building code violations. More work is needed to fully understand these 

relationships and the prevailing mechanisms.  In addition, one question not explored here 
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but possible with our data is whether responses to changes in crime vary by the type of 

building permit, and whether the results vary by other neighborhood characteristics (such 

as the demographic composition). We hope to complete this analysis in coming months. 
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Figure 1. Quarterly Crime trends for Los Angeles and Chicago, 2005-2011 
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Figure 2. Semester crime and building permits by block face, counts 
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Table 1. Selected characteristics of Chicago and Los Angeles 

 

Contextual Characteristics Chicago Los Angeles 

Population (2010) 2,695,598 3,792,62 

Density (persons per sq. mile) 11,841.8 8,092.3 

Homeownership rate 46.1% 38.0% 

Median HH income $47,408 $49,745 
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Table 2. The relationship between building permits and crime, selected tests for the 

appropriate lag structure, crime annual measures 

 

a) Los Angeles 

 

 

(1) (2) (3) 

crime_yr_lag1 -0.00316*** -0.00298*** -0.00295*** 

 

(0.000150) (0.000151) (0.000151) 

crime_yr_lag2 

 

-0.00140*** -0.00121*** 

  

(0.000144) (0.000146) 

crime_yr_lag3 

  

-0.00111*** 

   

(0.000143) 

Observations 2,042,856 2,042,856 2,042,856 

R-squared 0.359 0.359 0.359 

CTYRQ Yes Yes Yes 

Blockface FE Yes Yes Yes 

Standard errors in parentheses 

  *** p<0.01, ** p<0.05, * p<0.1 

   

b) Chicago 

 

 

(1) (2) (3) 

crime_yr_lag1 -0.000523*** -0.000454*** -0.000441*** 

 

(6.51e-05) (6.93e-05) (7.11e-05) 

crime_yr_lag2 

 

-0.000177*** -0.000375*** 

  

(6.04e-05) (6.80e-05) 

crime_yr_lag3 

  

0.000441*** 

   

(6.33e-05) 

Observations 2,165,256 2,165,256 2,075,037 

R-squared 0.631 0.631 0.638 

CTYRQ Yes Yes Yes 

Blockface FE Yes Yes Yes 

Standard errors in parentheses 

  *** p<0.01, ** p<0.05, * p<0.1 

 

 

 

  



 19 

Table 3. Baseline results: Relationship between crime and building permits 
 

 

     (1) (2) 

 

Los Angeles Chicago 

crime_yr_lag1 -0.00346*** -0.000458*** 

 

(0.000152) (6.71e-05) 

crime_yr_lag2 -0.00169*** -0.000322*** 

 

(0.000145) (6.07e-05) 

violations_yr_lag1 0.0190*** 0.00562*** 

 

(0.000644) (0.000113) 

   Observations 2,027,328 2,165,256 

R-squared 0.359 0.611 

CTSEM FE Yes Yes 

Blockface FE Yes Yes 

Standard errors in parentheses 

 *** p<0.01, ** p<0.05, * p<0.1 
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Table 4. Estimates using threshold crime levels 

a) Los Angeles 

  (1) (2) (3) (4) (5) (6) (7) (8) (9) 

violations_yr_lag1 0.0188*** 0.0188*** 0.0188*** 0.0188*** 0.0188*** 0.0188*** 0.0189*** 0.0189*** 0.0189*** 

 

(0.000644) (0.000644) (0.000644) (0.000644) (0.000644) (0.000644) (0.000644) (0.000644) (0.000644) 

Crime (t-1): 2+ 0.00198 

        

 

(0.00222) 

        Crime (t-1): 3+ 

 

-0.00258 

       

  

(0.00224) 

       Crime (t-1): 4+ 

  

-0.00473** 

      

   

(0.00233) 

      Crime (t-1): 5+ 

   

-0.00473* 

     

    

(0.00245) 

     Crime (t-1): 6+ 

    

-0.00521** 

    

     

(0.00258) 

    Crime (t-1): 7+ 

     

-0.00570** 

   

      

(0.00270) 

   Crime (t-1): 8+ 

      

-0.0102*** 

  

       

(0.00282) 

  Crime (t-1): 9+ 

       

-0.0134*** 

 

        

(0.00293) 

 Crime (t-1): 10+ 

        

-0.00910*** 

         

(0.00303) 

Observations 2,027,328 2,027,328 2,027,328 2,027,328 2,027,328 2,027,328 2,027,328 2,027,328 2,027,328 

R-squared 0.359 0.359 0.359 0.359 0.359 0.359 0.359 0.359 0.359 

CTSEM Yes Yes Yes Yes Yes Yes Yes Yes Yes 

Blockface FE Yes Yes Yes Yes Yes Yes Yes Yes Yes 

Standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 

        



 21 

b) Chicago  

  (1) (2) (3) (4) (5) (6) (7) (8) (9) 

VARIABLES 

 

Permit permit permit permit permit permit permit permit 

violations_yr_lag1 0.00561*** 0.00561*** 0.00561*** 0.00561*** 0.00561*** 0.00561*** 0.00561*** 0.00561*** 0.00561*** 

 

(0.000113) (0.000113) (0.000113) (0.000113) (0.000113) (0.000113) (0.000113) (0.000113) (0.000113) 

Crime (t-1): 2+ 0.000492 

        

 

(0.00173) 

        Crime (t-1): 3+ 

 

-0.00245 

       

  

(0.00189) 

       Crime (t-1): 4+ 

  

-0.00328 

      

   

(0.00202) 

      Crime (t-1): 5+ 

   

-0.00410* 

     

    

(0.00215) 

     Crime (t-1): 6+ 

    

-0.00649*** 

    

     

(0.00227) 

    Crime (t-1): 7+ 

     

-0.00872*** 

   

      

(0.00238) 

   Crime (t-1): 8+ 

      

-0.00996*** 

  

       

(0.00249) 

  Crime (t-1): 9+ 

       

-0.0117*** 

 

        

(0.00261) 

 Crime (t-1): 10+ 

        

-0.0114*** 

         

(0.00273) 

Observations 2,165,256 2,165,256 2,165,256 2,165,256 2,165,256 2,165,256 2,165,256 2,165,256 2,165,256 

R-squared 0.611 0.611 0.611 0.611 0.611 0.611 0.611 0.611 0.611 

CTSEM Yes Yes Yes Yes Yes Yes Yes Yes Yes 

Blockface FE Yes Yes Yes Yes Yes Yes Yes Yes Yes 

Standard errors in 

parentheses 

         *** p<0.01, ** p<0.05, * p<0.1 
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Table 5. Relationship between crime and building permits, by initial crime level 

 

a) Los Angeles 

 

 

1
st
 quartile 2

nd
 quartile 3

rd
 quartile 4

th
 quartile 

crime_yr_lag1 -0.000958 -0.00210*** -0.00201*** -0.00458*** 

 

(0.000600) (0.000511) (0.000447) (0.000272) 

crime_yr_lag2 -0.00323*** -0.000933* -0.000250 -0.00258*** 

 

(0.000592) (0.000495) (0.000437) (0.000260) 

violations_yr_lag1 0.0147*** 0.00876*** 0.0236*** 0.0247*** 

 

(0.00117) (0.000892) (0.00158) (0.00176) 

     Observations 839,304 403,680 400,920 383,424 

R-squared 0.334 0.316 0.355 0.455 

CTYRS Yes Yes Yes Yes 

Blockface FE Yes Yes Yes Yes 

Standard errors in parentheses 

   *** p<0.01, ** p<0.05, * p<0.1 

    

b) Chicago 

 

 

1st quartile 2nd quartile 3rd quartile 4th quartile 

crime_yr_lag1 -5.75e-05 -0.00309*** -0.00126*** -0.000732*** 

 

(4.74e-05) (0.000399) (0.000325) (0.000230) 

crime_yr_lag2 -2.43e-08 0.000360 -0.000784*** -0.000498** 

 

(4.21e-05) (0.000324) (0.000283) (0.000206) 

violations_yr_lag1 0.0102*** 0.00450*** 0.00410*** 0.00454*** 

 

(0.000230) (0.000314) (0.000304) (0.000260) 

     Observations 1,062,360 363,720 359,400 379,776 

R-squared 0.752 0.453 0.410 0.619 

CTSEM FE Yes Yes Yes Yes 

Blockface FE Yes Yes Yes Yes 

CTSEM FE Yes Blockface FE Blockface FE Blockface FE Blockface FE 

Standard errors in parentheses 

   *** p<0.01, ** p<0.05, * p<0.1 

    

NOTE: The fourth quartile includes those block faces with the highest levels of crime.  
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Table 6. Relationship between crime and building permits, by crime type 

 

 

Los Angeles Chicago 

     

violent_crime_yr_lag1 0.00126** -0.0198*** 

 

(0.000546) (0.000520) 

violent_crime_yr_lag2  4.58e-05 -0.00260*** 

 

(0.000512) (0.000334) 

prop_crime_yr_lag1 -0.00619*** -0.00386*** 

 

(0.000248) (0.000231) 

prop_crime_yr_lag2 -0.00261*** -0.00269*** 

 

(0.000233) (0.000198) 

puborder_yr_lag1 -0.00152** 0.00188*** 

 

(0.000619) (0.000137) 

puborder_yr_lag2 -0.000285 0.00134*** 

 

(0.000608) (0.000127) 

violations_yr_lag1 0.0189*** 0.00506*** 

 

(0.000644) (0.000115) 

  

 

Observations 2,027,328 2,165,256 

R-squared 0.359 0.611 

CTYRS Yes Yes 

Blockface FE Yes Yes 

Standard errors in parentheses 

 

 

*** p<0.01, ** p<0.05, * p<0.1  
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Table 7. Relationship between crime and violations, overall and by type of violation 

 

  (1) (2) (3) (4) (5) 

crime_yr_lag1 -0.00346*** -0.00344*** -0.00344*** -0.00343*** -0.00346*** 

 

(0.000152) (0.000152) (0.000152) (0.000152) (0.000152) 

crime_yr_lag2 -0.00169*** -0.00167*** -0.00168*** -0.00168*** -0.00170*** 

 

(0.000145) (0.000145) (0.000145) (0.000145) (0.000145) 

violations_yr_lag1 0.0190*** 

    

 

(0.000644) 

    construction related violations only 

 

0.0271*** 

   

  

(0.00131) 

   Misc. violations incl. construction 

  

0.00991*** 

  

   

(0.00115) 

  Misc. violations without construction 

   

-0.0139*** 

 

    

(0.00129) 

 Neighborhood Disturbance 

    

0.0307*** 

     

(0.000894) 

      Observations 2,027,328 2,027,328 2,027,328 2,027,328 2,027,328 

R-squared 0.359 0.359 0.359 0.359 0.359 

CTSEM FE Yes Yes Yes Yes Yes 

Blockface FE Yes Yes Yes Yes Yes 

Standard errors in parentheses 

     *** p<0.01, ** p<0.05, * p<0.1 

      

 


