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Abstract

We examine employee reactions to earnings announcement (EA) news using micro-level data on
individual employees’ bank and credit card transactions. We find that EA news is positively
associated with changes in employee consumption around the EA. This reaction is stronger for
employees with longer tenure at the firm, located in the firm’s headquarters State, and possessing
investment experience, consistent with these employees being more likely to attend to their firm’s
EAs. The reaction is also stronger for the fourth fiscal quarter than interim quarters, suggesting
that year-end results garner greater employee attention. In line with the notion that EAs contain
information about employees’ future cash flows, we find that EA news is positively associated
with future changes in employee wages. Overall, our study provides the first evidence of the
information role of financial reporting in rank-and-file employees’ consumption decisions.

Keywords: financial reporting, rank-and-file employees, earnings announcements, consumption,
wages.



1. Introduction

Understanding the role of financial reporting in providing information relevant to the
decision making of various stakeholders is an important goal of accounting research. A large body
of literature examines how financial reporting influences the decisions of investors and creditors.
Survey evidence (e.g., Dichev et al., 2013) and the National Investor Relations Institute (NIRI,
2016) suggest that a firm’s employees are another important group of financial reporting users.
However, there is little empirical evidence on how employees react to their firms’ financial
information, most likely due to the difficulty in directly observing employees’ actions and
attributing such actions to public financial information releases. In this study, we overcome this
challenge by exploiting proprietary micro-level data on employees’ financial transactions. We
leverage this data to provide evidence consistent with employees reacting to their firm’s earnings
announcement (EA) news. In particular, we show that EA news is positively associated with
changes in employees’ consumption around the EA and that this association is stronger for
employees who are more likely to attend to their firm’s EAS.

A burgeoning stream of research investigates how firms manage earnings to portray
themselves in a favorable light to their employees (e.g., Dou et al., 2016; Gao et al., 2018; Hamm
et al., 2018). The fundamental assumption in these studies is that EAs affect employees’
perceptions of their firm’s financial conditions, but the empirical evidence on whether and how
employees react to EA news is still very limited. Pioneering studies by deHaan et al. (2023) and
Choi et al. (2023) provide the first evidence consistent with employees learning from EAs by
showing that they influence online job searches by current and prospective employees. While these
studies are an important first step in understanding employee reactions to EA news, they are limited

to the average employee behavior, which may mask important heterogeneity across employees.



Our employee-level examination using granular transaction data can help uncover factors affecting
how employees utilize financial reporting information.

We propose that EA news can provide employees with new insight into the economic
conditions of their firm, potentially influencing their consumption choices. In large organizations
where employees work in specialized functions, employees may have incomplete information
about aspects of the firm’s performance outside their job responsibilities, suggesting that
employees may benefit from EA news. For instance, if a firm reports better EA news, this may
signal a higher likelihood of wage increases, promotions, and job security, which may encourage
employees to increase their consumption.

However, there are also valid reasons why employees may not significantly react to EA
news. Previous research suggests that employees observe timely value-relevant information that is
not yet public (e.g., Hales et al., 2018; Green et al., 2019; Huang et al., 2020). If employees
internally acquire sufficient information for their decision making, EAs may provide little
incremental information. Furthermore, prior studies find that individuals often disregard pertinent
information or misuse it (e.g., Hirshleifer et al., 2008; Blankespoor et al., 2019), which suggests
that employees may ignore EA news even if it is relevant. In addition, good EA news may not lead
to higher employee pay if a firm achieves superior financial performance by reducing labor costs.
Thus, whether employees significantly react to EAs and what factors influence employees’
reactions to EA news remain empirical questions.

In our empirical analyses, we utilize proprietary micro-level transaction data from a
leading financial data aggregator. These data allow us to observe an individual’s bank and credit
card transactions on a specific day, as well as the individual’s firm of employment. Our sample

includes 696,866 employees working for 691 firms and spans from 2014 to 2020. We exploit the



granularity of the transaction data to examine within-employee reactions to EA news by
conducting analyses at the employee level and controlling for employee fixed effects. Our primary
dependent variable is an employee’s average weekly consumption in the two-week window before
or after the EA day.! Our main measure of EA news is the cumulative abnormal return (CAR) in
the three days centered on the EA day.

Consistent with our main hypothesis, we find a significant positive employee reaction to
their firm’s EA news. The results show that, as the announcement CAR increases by one standard
deviation, employees’ consumption in the subsequent two weeks increases by 0.69%. This
employee reaction to EA news is robust to using alternative proxies of EA news, such as an
indicator of positive CAR, an indicator of a positive earnings surprise, and an indicator of positive
earnings. These findings are consistent with the notion that EAs provide employees with new
information relevant to their consumption decisions.

One important advantage of our micro-level data is that they allow us to include tight fixed
effects that alleviate various alternative explanations. For instance, we include fixed effects for
each EA for each firm, which helps mitigate the concern that our results may be influenced by
variations in employees’ consumption associated with the time-varying firm, industry, or
macroeconomic conditions in a given quarter. We include employee fixed effects to control for the
heterogeneity in consumption across employees. We also include fixed effects for the week of the
year to account for seasonal fluctuations in consumption throughout the year, such as increased

consumption during the holiday season. Collectively, these granular fixed effects increase the

! Consumption reflects all charges to bank and credit accounts excluding debt payments, tax payments, money
transfers, savings, refunds, and adjustments. The two-week window is intended to smooth out daily fluctuations in
individual employees’ consumptions.



confidence in our inference that employee reactions to EA news are distinct from potential
confounding factors influencing employees’ consumption.

Next, we examine whether employees react more strongly to EAs for the fourth quarter
than for interim quarters. Compared to interim EAs, year-end EAs are likely to be more salient
because they are less frequent and depict a more complete picture of the firm’s economic
conditions as they provide information for the full year. Also, firms often emphasize annual targets,
which may increase employees’ attention to year-end results. In addition, some employees may be
more attentive to fourth-quarter EAs if they receive bonuses tied to annual firm performance.? Our
empirical results are consistent with these predictions. We find that employee reactions to EAs are
around three times larger for the fourth quarter than for interim quarters.

We next examine how reactions to EA news vary across employees by leveraging
demographic information extracted from their transaction records. We predict that employees who
have been with the firm for a longer time will react more strongly to EA news as they have more
stake in the firm’s future and are more likely to be familiar with the format and content of the
firm’s EAs. We also expect stronger reactions from employees in the firm’s headquarters state
because they are more likely to be white-collar workers who have higher financial literacy and are
more likely be more exposed to EA news. Lastly, we expect that employees with investment
experience are more aware of the importance of EA news and have a better understanding of how
to interpret it. Consistent with these predictions, we find that employee reactions to EA news are
around 1.4 times larger for employees with longer tenure at the firm, 2.2 times larger for employees
in the firm’s headquarters state, and 1.3 times larger for employees with investment experience, as

proxied by money transfers from their bank accounts to brokerage accounts.

2 We note that attention and relevance are not mutually exclusive and difficult to distinguish because they are
interrelated. People are more likely to pay attention when information is more relevant to them.



We use dynamic tests to better understand the timing of the employee reactions to EA news.
We find that the reactions to EA news are highly concentrated in the week immediately after the
EA day. This finding mitigates the concern that confounding factors unrelated to EAs may
influence our results since such factors would need to systematically coincide with the EAs. The
reactions attenuate but remain significantly positive in the following week. This suggests that the
employee reactions partially reflect transitory attention to the news rather than a permanent shift
to a new consumption level. Finally, we do not find robust evidence that employees react in
anticipation of the upcoming EA news, which suggests that employees’ expectations about
the earnings news might not be sufficiently precise to significantly impact their consumption
behavior.

One reason employees may change their consumption in response to EA news is that they
may consider EAs as providing useful information about their future cash flows. To investigate
this possibility, we examine whether EA news predicts future wages. Consistent with this
conjecture, we find that EA news is positively associated with changes in employees’ wages in the
next three months. This association is however economically small, which is likely due to the
significant sample attrition and the noise in capturing employees’ future cash flows (for example,
we cannot observe employees’ equity compensation, if any). Notwithstanding these caveats, the
results are consistent with the notion that EA news contains information about employees’ future
cash flows.

Our paper makes several contributions to the literature. First, we add to the growing
literature examining the link between financial reporting and firm employees. Much of the prior
research in this area focuses on firms’ actions and examines how firms make financial reporting
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Gao et al., 2018; Hamm et al., 2018). Recent studies examine how EAs affect job search by current
employees (deHaan et al., 2023) and job seekers outside the firm (Choi et al., 2023). Our paper
complements and extends the findings in deHaan et al. (2023) on the effects of EAs on current
employees (i.e., insiders) by examining within-employee reactions to EA news to delineate the
impact of financial reporting on employees. To do so, we investigate changes in individual
employees’ spending behavior around EAs. Furthermore, we take advantage of micro-level
employee data to examine how employee reactions to EA news vary with employee tenure,
location, and investment experience.

Our paper also adds to the broader literature examining how EAs impact various economic
decisions. A substantial body of research examines the effect of EAs on capital market investments
(for reviews of this literature, see Kothari, 2001; Beyer et al., 2010; Blankespoor et al., 2020). An
emerging literature has begun to focus on other activities, such as consumer shopping (Noh et al.,
2022; Kimbrough et al., 2023) and regulatory enforcement (e.g., Bozanic et al., 2017). We extend
this literature by examining the impact of EAs on another important economic decision, employee
consumption. In contrast to outsiders, employees possess timely nonpublic information about their
firm’s prospects, which makes the information role of EAs in employee consumption decisions
unclear. Our paper provides evidence that EA news elicits reactions in employees’ consumption
and that these reactions are stronger when employees are more likely to attend to the firm’s
financial information.

Our paper also relates to the emerging literature that exploits big data to gain deeper
understanding of the behavior of economic agents. Prior studies use data such as credit card
transactions, cell phone geolocation, and satellite images to investigate the timing of firm

disclosure (e.g., Froot et al., 2017; Blankespoor et al., 2022; Li and Venkatachalam, 2022), the



information advantage of local investors (e.g., Kang et al., 2021), and the effect of financial
reporting on consumers (Noh et al., 2022). Our paper builds on this literature by exploiting
employee-employer-linked bank transaction data to examine how employees react to their firms’
EAs. The scarcity of data that link individuals’ transactions to their employers makes these links
particularly valuable in furthering our understanding of the effects of financial reporting on
employees.

The paper proceeds as follows. In Section 2, we discuss prior research and develop
hypotheses. In Section 3, we describe the sample data and provide descriptive statistics. In
Section 4, we present the results of our main analysis, cross-sectional tests, and additional analyses.

We conclude in Section 5.

2. Related Research and Hypotheses
2.1 Related Research

The link between financial reporting and employees has attracted increasing interest from
researchers. One prominent stream of literature posits that financial reporting informs employees
about their firm’s financial stability and examines whether managers make financial reporting
choices to portray the firm in a favorable way to employees. For example, Dou et al. (2016) find
that firms unwind upward earnings management following an increase in the unemployment
insurance benefits in the firm’s state, consistent with firms managing earnings upward to project
employment security. Gao et al. (2018) find that firms reduce upward earnings management after
the firm’s state adopts rules that restrict labor mobility, consistent with firms making financial
reporting choices to retain employees. Other studies examine the link between financial reporting
and labor unions and find that firms attempt to reduce labor renegotiation costs by managing

earnings downward (e.g., DeAngelo and DeAngelo, 1991), missing earnings benchmarks (Bova,



2013), smoothing earnings (Hamm et al., 2018), and withholding good news (Chung et al., 2016).
A central premise underlying this important stream of research is that employees learn from
financial reporting. Our paper provides evidence supporting this underlying assumption by
showing that EA news elicits reactions in employees’ consumption.

Another related and growing literature examines how accounting affects employees
through real earnings management activities. For example, using a sample of private Belgian firms,
Dierynck et al. (2012) find that firms meet or beat earnings benchmarks by firing employees who
are least costly to fire. Pinnuck and Lillis (2007) find that accounting losses lead to a sharp decline
in the number of employees, suggesting that loss firms exercise an abandonment option by
reducing investment in labor. Caskey and Ozel (2017) find that managers’ attempts to meet
earnings benchmarks through real activities can lead to higher employee injury and illness rates.
Raghunandan (2021) finds that employees are more likely to suffer from wage theft when their
firms face financial reporting pressure. Ji et al. (2022) find that financial reporting pressure leads
to lower employee satisfaction. While these studies examine whether financial reporting affects
employees through real actions taken by managers, we examine whether EAs provide useful
information to employees.

Two recent studies examine how financial reporting affects job searches by prospective
and current employees. Choi et al. (2023) find that a firm’s EAs attract the attention of job seekers
and provide them with useful information about employment prospects. Because their findings
pertain to individuals who are outside of the firm, they cannot be generalized to current employees
who can observe nonpublic information on the job. Most relevant to our study, deHaan et al. (2023)
examine the impact of a firm’s EAs on the job search of its current employees. They find that

employees’ job search activity, proxied by the number of reviews posted on Glassdoor, increases



during the EA week. This finding indicates that EAs provide information that helps employees to
assess the value of their current positions relative to job opportunities at other firms.

Our study extends deHaan et al. (2023) in several important ways. First, the evidence from
deHaan et al. (2023) suggests that EAs can provide standardized financial information that helps
job seekers compare their current firm to other firms. It remains an open question whether EAs
help employees evaluate the underlying performance of their employer over time.2 Our findings
that employees’ consumption reacts to EA news suggest that they do. Second, our paper makes
use of granular employee-level data to examine how employees’ reactions to EAs are influenced
by their tenure, location, and investment experience. Third, we provide evidence on whether a
firm’s EA news contains information about its employees’ future wages, a relationship that has
been hypothesized but not examined in prior research. Forth, bank and credit card transactions can
help capture a broader population of employees who may not actively search for jobs at that time
or do not use online job search platforms. As such, our findings suggest that EAs may be important
to a wider subset of employees than previously recognized. Finally, our paper advances our
knowledge on the effects of EAs on decision making by examining a qualitatively different

employee decision, their consumption.

2.2 Hypotheses

To the extent that employees learn new information about their employers’ financial
conditions from EAs, this may influence their consumption decisions. Specifically, we expect that
better EA news can lead to higher employee consumption because it increases their expectations

about future cash flows. For example, when a firm’s financial performance is strong, employees

3 For instance, employees may have information about how their firm is doing through observing nonpublic
information on the job. However, because job seekers do not observe the underlying performance of other firms, they
may require standardized financial information to choose between their current firm and potential future employers.



may expect to receive higher wages, bonuses, and benefits, such as health coverage and paid time
off. Some employees may receive stock-based compensation, whose value positively correlates
with the firm’s performance. Firms with strong financial performance are also more likely to grow
and expand the workforce, which can lead to more high-paying managerial positions and raise
employees’ expectations about receiving a promotion. Better EA news may also signal employees
greater income stability as firms with superior performance are less likely to terminate employment
or reduce working hours.

We note that our hypothesis does not assume that employees acquire EA news directly
from their firm’s EA press releases or that they have sufficient knowledge of generally accepted
accounting principles to interpret EA news. Employees can learn EA news through various
channels. Some firms may hold meetings with employees after the EA to highlight the most
relevant information and explain its implications for employees and the organization (NIRI, 2016).
Employees can also learn EA news from news articles or social media or use the stock market
reaction around the announcement to infer its news content. They can also learn EA news from
financial analysts or other intermediaries that facilitate both the acquisition and processing of EA
information. We leave an examination of how a firm’s internal communication and various
intermediaries facilitate employees’ acquisition and interpretation of EA information to future
research.

However, there are several important reasons why EA news may not have a significant
impact on employees’ consumption decisions. First, whether EA news is positively associated with
future wages is unclear (we discuss and examine this question in Section 4.6). Second, prior
research finds that employees observe nonpublic information about future performance (e.g., Hales

etal., 2018; Green et al., 2019; Huang et al., 2020; Li et al., 2022), suggesting that employees may
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have sufficiently good information about their expected future cash flows without relying on EA
news. While employees are unlikely to know all aspects of firm performance, they may have
superior insight into the prospects of their functional area, which may be particularly relevant to
expectations about their cash flows. Finally, even if EA news contains significant incremental
information that is predictive of future wages, employees may fail to use this information because
they may have limited attention or knowledge to process this information (e.g., Hirshleifer and
Teoh, 2003; Blankespoor et al., 2019).

Given the above considerations, whether EA news has a significant impact on employee
consumption is an open empirical question. In sum, our first hypothesis, stated in the alternative
form, is as follows:

H1. Employee consumption is positively associated with EA news.

We also develop and test several cross-sectional predictions about how employees’
reactions to EA news vary across different EAs and employees. If employees change their
consumption because EA news provides information about the firm’s financial conditions, this
effect should be more pronounced when employees are more likely to learn and extract relevant
information from EAs. Our first hypothesis is that employees react more strongly to fourth-quarter
EAs than to interim EAs. Compared to interim quarters, year-end results depict a more complete
picture of a firm’s performance by providing information for the whole year. Year-end EAs may
also garner greater attention because less frequent events tend to stand out from more common
events. Also, firms often highlight annual performance targets, which may attract more employee
attention to yearly performance. Furthermore, some employees’ compensation may include

bonuses that are tied to firm performance for the fiscal year, making fourth-quarter EAs
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particularly relevant to revising employees’ expectations about future cash flows. Thus, our next
hypothesis is as follows.

H2. The association between employees’ consumption and EA news is stronger for fourth-
quarter than interim announcements.

Our next set of hypotheses examines how reactions to EA news vary with employees’
characteristics. First, we expect employees to react more strongly to EAs when they have been
with their firm for a longer period of time. These employees may be more likely to stay with the
firm and have more stake in its future success, making them more motivated to pay attention to
EA news. Also, employees who have been with the firm longer are more likely to be familiar with
the content and format of the firm’s EAs, which can reduce their cost of finding and interpreting
relevant information.

Second, we expect EAs to elicit stronger reactions from employees in the firm’s
headquarters state. These employees are more likely to be white-collar workers who have higher
financial literacy, making them better equipped to understand the financial information contained
in EAs. Headquarters employees are also more likely to be exposed to discussions about EA news
among managers and other headquarters employees on the announcement day. As such, these
employees may be more aware of the EA news and its implications for the firm’s financial outlook.
Furthermore, EA news may be relatively more important to employees at the firm’s headquarters
because employees at other locations may regard the performance of operations at those locations
as more relevant.

Finally, we expect employees to react more strongly to EAs when they have investment
experience, as evidenced by their investment in capital markets. Employees with investment

experience may better understand the importance of EAs in providing valuable information, which
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can motivate them to pay attention to EAs to stay informed about the firm’s prospects. These
employees may also be more familiar with financial terminology used in EAs and know how to
interpret and use the information from EAs in their decision making.

Collectively, these considerations suggest that employees with longer tenure at their firm,
employees in the firm’s headquarters state, and employees with investment experience will react
more strongly to EA news. On the other hand, because these employees have lower information
processing costs, they may acquire superior information on the job, which may reduce the
usefulness of EAs in providing new information. In addition, regarding the prediction for
employees’ tenure, studies find that employees with longer tenure are less likely to switch
employers (e.g., Arnold and Feldman, 1982; Mitchell et al., 2001). If employees react to EAs
mainly because they are considering leaving the firm (deHaan et al., 2023), we might expect a
weaker reaction for employees with longer tenure. Together these considerations suggest that the
impact of employee characteristics on their reactions to EA news is unclear ex ante. In sum, our
final hypothesis, stated in the alternative form, is as follows:

H3. The association between employee consumption and EA news is stronger for
employees with longer tenure at the firm, employees in the firm’s headquarters state, and

employees with investment experience.

3. Sample Data and Descriptive Statistics
3.1 Sample Data

We obtain data on bank account and credit card transactions from a leading financial data
aggregator in the US. This data aggregator processes and analyzes individuals’ transactions for
large financial institutions. For each transaction, we observe the individual’s identifier code that

masks their identity, date, amount, transaction counterparty, location (when available), and a brief
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description, similar to what individuals may see in their account statements. The data aggregator
categorizes each transaction based on the counterparty and description (e.g., various spending,
debt payment, tax payments). In our empirical tests, we rely on the transaction category of
“Salary/Regular Income” to identify employee-employer pairs. This category includes direct
deposit transactions from the employer to the employee’s bank account.

Several caveats are warranted regarding our data. First, we cannot identify employers for
individuals who receive salaries by checks or cash, which suggests that our results may not
generalize to these employees. Second, while direct deposit payments capture wages and bonuses,
it is important to note that they exclude equity-based compensation and employer/employee
contributions to retirement and healthcare plans. As such, the take-home pay we observe is a noisy
measure of employees’ income. Third, our data do not provide the complete transaction record
when individuals have multiple bank accounts and credit cards, and some of these accounts/cards
are not processed by the data aggregator. Our sample construction partially mitigates this concern
by ensuring we capture the bank account that receives direct deposits from the individual’s
employer, which is likely the individual’s primary account. To further alleviate this concern, we
require individuals to have sufficient transactions, as indicated by a vendor-constructed user
completeness score above the vendor-recommended threshold. This requirement increases the
likelihood that we capture an individual’s complete transaction record.* However, we note that this
requirement and, more generally, the use of bank and credit card transactions limit our ability to
study unbanked or under-banked employees. Thus, our findings may not generalize to these

employees.

4 Prior studies using bank account/credit card transactions face similar issues. For instance, Ganong and Noel (2019)
and Baker et al. (2023) use five transactions in a given month to select people with sufficient transactions. By requiring
the user completeness score to be above the cutoff, we focus on individuals with more than fifty transactions per month
on average.
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Table 1 presents details of the sample construction. The raw data containing detailed
records of individuals’ bank and credit card transactions are extremely large, making it
computationally challenging to analyze employee consumption over extended periods of time.
Thus, to alleviate the computational burden, we restrict our examination to the two weeks before
and the two weeks after EAs that are most relevant to our study. We identify all employees who
have the necessary data around at least one EA made by their firm between 2014 and 2020. This
initial sample includes 39,653,092 employee-firm-quarter-week observations for 713 firms and
1,353,604 employees. We next exclude employees with median monthly wages during the sample
period less than or equal to $1,500. This restriction is designed to reduce the potential influence of
temporary workers. We then exclude firm-quarter observations with missing stock returns on
CRSP or necessary financial data on Compustat. These restrictions result in a sample of 23,626,524
employee-firm-quarter-week observations. Finally, we collapse weekly observations into pre- and
post-EA periods. This process results in our main sample that includes 11,807,012 employee-firm-
quarter-pre/post observations for 696,866 unique employees who work for 691 unique firms.

[Insert Table 1 about here]

3.2 Employee Variables

Our main measure In(1+Consumption) is the natural logarithm of one plus an employee’s
consumption, where consumption includes debit transactions charged on bank accounts and credit
accounts excluding the following categories: debt payments (payments of credit card debt,
consumer loans, and mortgages), tax payments, transfers (money moved to another bank account),
investments (contributions to retirement and brokerage accounts), savings, and refunds/
adjustments. In our main tests, we measure consumption on a bi-weekly basis by calculating the

average weekly consumption over the two weeks before or two weeks after the EA day. As noted
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above, we use this relatively short window to reduce the computational burden while capturing the
most relevant information for our analysis. We use consumption for a specific week when we
examine the dynamics of employees’ reactions to EA news. The variable, Wage, is the take-home
salary income an employee receives from the employer in the month prior to the month of the EA,
where wage transactions are classified by the data provider.

To examine how employees’ reactions to EA news vary across employees, we focus on
three employee characteristics. The first characteristic is employee tenure, Tenure, measured by
the number of months the employee has received compensation from their firm before the month
of the EA. The second characteristic, HQ Employee, is an indicator variable that equals one for
employees in the firm’s headquarters state and zero otherwise. The data vendor estimates an
employee’s state based on the location of the employee’s spending using a machine learning
algorithm that places higher weight on more relevant spending categories, such as rent, mortgage,
and utilities. The third characteristic, Investment Experience, is an indicator variable that equals
one if the employee made at least one transfer from their bank account to a brokerage account in
the year before the earnings announcement day and zero otherwise. We winsorize all continuous

variables at 1 and 99 percent to reduce the influence of outliers.

3.3 Descriptive Statistics

Table 2 Panel A reports the descriptive statistics for our main sample at the employee level.
The mean (median) weekly employee consumption in our sample is $1,398.65 ($900.38),
indicating skewness in consumption. To alleviate the impact of skewness, we use the logarithm of

consumption. Employee consumption exhibits a significant variation with an interquartile range
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of $482.99-$1,629.67. The mean (median) employee monthly wage is $4,953.05 ($3,670.59).° The
average employee has worked at their firm for 21.9 months. Around 21.6% of sample employees
are located in the firm’s headquarters state, and around 22.1% of employees have some investment
activity in the prior year. Because the summary statics in Panel A are at the employee level, they
are tilted toward large firms that employ many workers (the mean (median) market capitalization
is $110,986 ($36,628) million). The descriptive statistics at the firm level, reported in Column 1
of Panel C, show that, on average, firms in our sample are profitable (mean ROA is 0.010 and mean
Loss is 0.133), well capitalized (mean BM is 0.420), and relatively levered (mean Leverage is
0.659).
[Insert Table 2 about here]

Panel B of Table 2 shows the distribution of the sample and employee characteristics across
industries, using the 12 Fama-French industry categories.® The industries with the most firms are
Shops (Wholesale, Retail, and Some Services) and Business Equipment. The industries with the
largest number of unique employees are Shops and Other. On average, employees earn the highest
wages in Energy and Business Equipment and the lowest wages in Shops and Chemicals. The
average employee tenure is highest in Energy and Utilities and lowest in Business Equipment and
Consumer Non-Durables. The average percentage of employees in the firm’s headquarters state is
highest in Utilities and Energy and lowest in Healthcare and Shops. On average, the percentage of

employees with investment experience is highest in Energy and Business Equipment and lowest in

®> The mean monthly wage ($4,953.05) is lower than the mean monthly consumption ($1,398.65*4 = $5,594.60). This
disparity may result from the higher skewness of consumption or the fact that the wage data only include direct
deposits from the employer and omit other potential income sources, such as the potential spouse’s wage, self-
employment, gig work, and rental income.

& Available from Ken French at http://mba.tuck.dartmouth.edu/pages/faculty/ken.french/data_library.html.
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Shops and Manufacturing. Overall, the sample distribution varies significantly across industries,
yet no one industry dominates the sample.

Panel C of Table 2 reports the descriptive statistics of some common firm characteristics
of firm-quarter observations for our sample and the Compustat-CRSP-IBES universe, respectively.
We find that our sample firms are on average larger, more profitable (as indicated by the higher
ROA and the lower incidence of losses), more leveraged, and have lower book-to-market ratios.
Stock returns around EAs, CAR, and earnings surprises, SUE, are not significantly different
between our sample and the Compustat-CRSP-IBES population. Overall, even though firms in our
sample are noticeably bigger than those in a more general population, differences in other

dimensions are not very large.

4. Empirical Analyses
4.1 Main Results: Employee Consumption Reaction to EA News

Our main hypothesis, H1, examines the association between employee consumption and
EA news. We test this hypothesis using an event study methodology to capture how employee
consumption changes around EAs. Specifically, we exclude the EA day (day 0) and compare an
employee’s average weekly consumption in the two weeks before (days [-14, -8] and [-7, -1]) and
the two weeks after (days [+1, +7] and [+8, +14]) the EA day.” We exclude the EA day because
we cannot observe the time of the day for employee transactions, which makes it difficult to
accurately capture their consumption before and after the EA on the announcement day.

We estimate the following regression of employees’ consumption:

" In Section 4.4, we examine the dynamics of the week-by-week employee consumption around EAs.
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In(1+Consumption)ijts = a1 + 1 CARjt X Post EAjts + f2 Post EAj s + f3In(Wage)i
+ Firm-EA FE + Employee FE + Week-of-Year FE + &ijts, (1)
where subscripts i,j,t,s denote employee i, firm j, quarter t, and pre/post-EA period s. Specifically,
for firm j’s EA in quarter t, there are two observations for each employee i: one for the two weeks
before the EA (s = pre) and one for the two weeks after (s = post). The dependent variable
In(1+Consumption) is the natural logarithm of one plus the employee’s average weekly
consumption in either the pre- or post-EA period.

Firms disclose many value-relevant items in their EAs, with earnings surprises explaining
only a fraction of the market reaction to EAs (e.g., Givoly et al., 2019; Hand et al., 2022). Therefore,
we use announcement stock returns, CAR, to measure EA news (e.g., Even-Tov, 2017; Shao et al.,
2021), where CAR is the three-day cumulative abnormal return centered on the EA day.® The
variable, Post EA, is an indicator that equals one for the two weeks after the EA day and zero
otherwise. Our main independent variable of interest is the interaction term, CAR x Post EA,
which captures the effect of EA news on changes in employee consumption from before to after
the EA day. If changes in employee consumption around the EA are positively associated with the
EA news, we expect 1 to be positive.

We include fixed effects for each EA for each firm, Firm-EA FE, to control for time-
varying firm characteristics. These fixed effects subsume the information contained in the firm’s
EA and other variables that do not vary within a firm-year-quarter, such as firm size, book-to-
market, and past performance. Firm-EA FE also subsume the firm, industry, and macroeconomic
conditions in that quarter. We control for employees’ wages by including In(Wage), which is the

natural logarithm of the employee’s wage in the previous month. We include fixed effects for each

8 We find similar results when we proxy EA news using an indicator of positive CAR, an indicator of positive earnings
surprise, and an indicator of positive earnings (see Section 4.7).
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employee, Employee FE, to control for time-invariant employee characteristics. As such, our tests
focus on within-employee reactions to EAs. Finally, since people are likely to consume more
during certain times of year (e.g., the holiday season), we control for such seasonal variations by
including week-of-the-year fixed effects, Week-of-Year FE, where the week of year of the pre-
(post-) period is based on the calendar week of first day of the pre- (post-) period. Appendix A
contains definitions of all variables.

Table 3 presents the results of estimating Equation 1. Columns 1 and 2 show the results for
the estimation without and with week-of-the-year fixed effects, respectively. Consistent with
expectations, the results in both columns show that EA news is positively associated with
employee consumption after the EA. The coefficient on the interaction CAR x Post EA is positive
and significant at the one percent level. In terms of economic significance, based on the estimation
in Column 2, as CAR increases by one standard deviation, employee consumption increases by
approximately 0.69% (exp(0.1003x%0.069) — 1 = 0.0069). While this average magnitude does not
appear to be large, our subsequent analyses show that employees’ reactions are significantly larger
when employees are more likely to pay attention to EA news.® Also, individuals often prefer to
smooth their consumption over time (e.g., Gelman et al., 2020; Baugh et al., 2021), and employees’
expectations about their future cash flows are likely to be noisy. Given these considerations, we
interpret the magnitude of the EA effect on employee consumption as reasonable.

[Insert Table 3 about here]

Turning to the remaining variables, the positive and significant coefficient on In(Wage) is

consistent with the expectation that employees consume more when their income is higher. Finally,

we do not predict or interpret the coefficient on the indicator Post EA, which has inconsistent signs

% This magnitude is comparable to that in Noh et al. (2023) who find that EAs increase consumer store visits by
approximately 1%.
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between the two columns, because the regressions control for various time-varying factors by
including Firm-EA fixed effects, Week-of-Year fixed effects, and In(Wage).

In sum, the results in Table 3 support our prediction that EA news is positively associated
with changes in employee consumption around the EA. The findings are consistent with the
argument that EAs inform employees about their firms’ economic conditions, which influences

their consumption decisions.

4.2 Cross-Sectional Analysis: Fourth-Quarter versus Interim EAs

Hypothesis 2 examines whether employees react differently to year-end EAs than interim
EAs. To test this hypothesis, we augment Equation 1 by adding a triple interaction term
CAR x Post EA x Fourth QTR EA, where Fourth QTR EA is an indicator that equals one if the EA
is for the fourth quarter of the fiscal year and zero otherwise. We also include a control for the
interaction Post EA x Fourth QTR EA. We do not include the interaction CAR x Fourth QTR EA
and a separate control for Fourth QTR EA because these variables are fully subsumed by the
firm-EA fixed effects, Firm-EA FE. If employees react more strongly to year-end EAS, we expect
a positive coefficient on the triple interaction term, CAR x Post EA x Fourth QTR EA.

Table 4 presents the results of this analysis. Consistent with our expectations, the
coefficient on CAR x Post EA x Fourth QTR EA is positive and significant at the one percent level
in both columns, showing that the reaction to EA news is stronger for the fourth quarter of the
fiscal year than interim quarters. The difference is economically large. In Column 2, the
coefficients on CAR x Post EA x Fourth QTR EA and CAR x Post EA indicate that the reaction
to EA news is around three times larger for the fourth quarter than interim quarters
((0.0693+0.1402)/0.0693 = 3.02). These results are consistent with the prediction that employees

pay more attention to year-end EA news.
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[Insert Table 4 about here]

4.3 Cross-Sectional Analysis: Employee Characteristics

Our next set of hypotheses, H3, examines how reactions to EA news depend on employee
characteristics. We conjecture that employees with longer tenure at the firm, employees in the
firm’s headquarters state, and employees with investment experience react more strongly to EA
news than other employees. We glean these employee characteristics from employees’ bank and
credit card transactions. For tenure, we use an indicator, High Tenure, that equals one if the
employee’s tenure at the firm, proxied by the number of months the employee has received wages
from the firm prior to the month of the EA, is equal to or above the median tenure across all
employees. We use the indicator, HQ Employee, which reflects whether the employee is located
in the firm’s headquarters state based on the locations of the employee’s spending (e.g., rent,
mortgage, and utilities). Finally, we use the indicator, Investment Experience, that captures
whether the employee made at least one transfer to a brokerage account in the past year. To test
the effect of a particular characteristic, we augment Equation 1 by adding the interaction between
the indicator of that characteristic and CAR x Post EA. We also include the indicator for the
employee characteristic as an additional control.

Table 5 presents the results of these analyses. In Column 1, we find that the coefficient on
CAR x Post EA x High Tenure is positive and significant at the five percent level, suggesting that
employees who have been with the firm for a longer time react stronger to EA news. These results
contrast and complement deHaan et al. (2023), who find that employees exhibit stronger job search
reactions to EAs when they are more likely to leave the firm. Because employees who have been

with their firm for a long time are less likely to turn over (e.g., Arnold and Feldman, 1982; Mitchell
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et al., 2001), the results suggest that EA news elicits stronger consumption reactions from
employees who are more likely to stay with the firm.
[Insert Table 5 about here]

Column 2 shows that CAR x Post EA x HQ Employee is positive and significant at the one
percent level, suggesting that the reaction to EA news is more positive for employees in the firm’s
headquarters state. Finally, Column 3 shows that the coefficient on CAR x Post EA x Investment
Experience is positive and marginally significant, providing some evidence that the reaction to EA
news is stronger when employees have investment experience. The magnitude of the coefficient
estimates indicates that employee reactions to EA news are about 1.4 (2.2 and 1.3) times larger for
employees who have longer tenure at the firm (are located in the firm’s headquarters state and
have investment experience) than other employees.'® These results are consistent with the
prediction that EA news elicits a stronger reaction from employees who are more likely to attend

to EA news.

4.4 Dynamics of Employee Reaction to EA News

Next, we examine the dynamics of employees’ reactions to EA news. The purpose of this
analysis is twofold. First, this investigation can shed light on whether employees’ reactions to EA
news are permanent or, at least partially, transitory. A permanent increase in consumption would
suggest that employees anticipate higher wages and adjust their consumption to a new higher level
to smooth consumption. Alternatively, EAs may prompt attention-induced behavior. In this case,
the initial change in consumption will decline because employees’ reactions are in part driven by

temporary attention to the news. Second, investigating the consumption dynamics before EAs can

10 The calculations are as follows: (0.0275+0.0858)/0.0829 = 1.4, (0.0966+0.0829)/0.0829 = 2.2, and (0.0315+0.0925)
/0.0925 =1.3.
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improve our understanding of whether and to what extent employees anticipate EA news. A change
in employee consumption in the direction of EA news before the EA day would be consistent with
employees anticipating EA news. On the other hand, a lack of such anticipatory behavior would
suggest that employees do not have sufficiently precise information about upcoming EA news that
would warrant a change in their consumption decisions.

We conduct this analysis by estimating a modified version of Equation 1 where we replace
the indicator Post EA with three weekly indicators: I[Week = w], where w = -1 corresponds to
days [-7, —1] relative to the EA day, w = +1 to days [+1, +7], and w = +2 to days [+8, +14].
Formally, we estimate the following regression of weekly employee consumption:

In(1+Weekly Consumption)ijtw = a1 + f1 CARjt x I[Week = —1]jtw + f2 CARjt
x [[Week = +1]jtw + B3 CARjt x I[Week = +2] + Ba I[Week = —1]j.tw
+ fs 1[Week = +1]tw + fs [[Week = +2];tw + S7In(Wage)ij: + Firm-EA FE @)
+ Employee FE + Week-of-Year FE + &ijtw,

where the dependent variable is the natural logarithm of one plus the employee’s consumption in
week w. We set week —2 (days [-14, —8]) as the baseline for comparison. Thus, the coefficients on
the interaction terms CAR x I[[Week = -1, +1, +2] capture the change in employee consumption
associated with the EA news relative to week —2.

We present the results of estimating Equation 2 in Table 6. We find that the coefficient on
the interaction CAR x I[Week] peaks in the week immediately after the EA day, consistent with
EA news attracting immediate attention from employees and prompting them to change
consumption in the direction of the EA news. Based on the estimates in Column 2, as CAR
increases by one standard deviation, employee consumption increases by 1.1% (exp(0.1622x0.069)
—1 =0.011). The consumption increase continues in the subsequent week as indicated by the

positive and significant coefficient on CAR x I[Week = +2]. However, the coefficient on CAR
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x [[Week = +2] is much smaller than that on CAR x I[Week = +1] (0.0441/0.1622 = 0.27, based
on the results in Column 2), which suggests that a large part of the immediate reaction to EA news
is transitory.

[Insert Table 6 about here]

Finally, we do not find consistent evidence of employee anticipatory reactions. The results
in Column 1 show a positive and significant coefficient on CAR x I[Week = —1], suggesting that
some employees may have private information about upcoming EA news and change their
consumption accordingly. However, the results in Column 2 show that this anticipatory reaction
becomes insignificant when we include week-of-the-year fixed effects to control for seasonality
in employee consumption.!!

In sum, the results in Table 6 indicate that employee reactions to EA news are concentrated
in the week immediately after the EA. The decline after the initial response is consistent with a
temporary reaction that dissipates as employee attention to the news fades. The small and
inconsistent pre-emptive reactions suggest that employee anticipation of the upcoming news may
not be accurate enough to significantly influence their consumption decisions. Together, the
evidence of strongly concentrated reactions alleviates the concern that our findings may be driven

by confounding factors unrelated to firms’ EAS.

4.5 Alternative Measures of EA News

In this section, we examine the robustness of our main results to alternative measures of
EA news. Specifically, we use the following three dummy variables to proxy EA news. The first
is an indicator, Positive CAR, that equals one if the cumulative abnormal return around the EA,

CAR, is positive and zero otherwise. The second proxy is an indicator, Positive SUE, that equals

11 The week-of-the-year fixed effects are based on the calendar week of the first day in week w.
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one if the standardized unexpected earnings, SUE, is positive and zero otherwise, where SUE is
the difference between the IBES actual reported earnings and the analyst consensus forecast,
scaled by the stock price at the end of the fiscal quarter. The analyst consensus is the median of
the most recent analyst forecasts made within 90 days before the earnings announcement day. The
last proxy is an indicator variable, Loss, that equals one if the IBES actual reported earnings are
negative and zero otherwise.

The results of this analysis, presented in Table 7, are consistent with our main findings.
The coefficients on the interaction terms Positive CAR x Post EA and Positive SUE x Post EA are
positive and significant, and the coefficient on Loss x Post EA is negative and significant at the
five percent level or better. These results suggest that the significant employee reaction to EA news
is robust to using alternative proxies of the EA news. In terms of magnitude, Positive CAR
x Post EA is around 4.5 times higher than Positive SUE x Post EA and 2.1 times higher than Loss
x Post EA, suggesting that employees react stronger to EA stock returns than to accounting
earnings. This finding is consistent with the notion that earnings capture only a fraction of the
information contained in a firm’s EA (e.g., Shao et al., 2021).

[Insert Table 7 about here]

4.6 Future Employee Wages

One reason why employees may react to EAs is that they contain useful information that
changes employees’ expectations of future cash flows. As discussed earlier in Section 2.2, it is
reasonable to expect that superior firm financial performance will lead to higher employee wages.
However, there are also plausible reasons why EA news may not be positively associated with
future wages. Economic theory suggests that employees’ wages reflect their marginal productivity

(e.g., Phelps, 1968; Feldstein, 2008), which may not directly depend on the firm’s financial
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performance (e.g., Welch, 1970), especially if employees have the flexibility to switch jobs (e.g.,
Donangelo, 2014; Li et al., 2022). Also, because profits to shareholders reflect revenues less
expenses, firms can achieve higher earnings by reducing employee-related costs (e.g., Caskey and
Ozel, 2017; Raghunandan, 2021). Thus, whether EA news predicts future employee wages is an
empirical question.

To investigate this question, we examine the association between EA news and changes in
employees’ wages from before to after the EA. Specifically, we compare an employee’s average
wage in the three months before and after the month of the EA. We exclude the month of the EA
because it contains both days before and after the EA. The three-month window is intended to
capture wages over a sufficiently long period while limiting survivorship bias due to employees
leaving the firm or the sample.

We estimate the following regression of employees’ wages:

In(Wage_avQ)ijts = a1 + f1 CAR; x After EAjts + f2 After EAjts + Firm-EA FE

+ Employee FE + Week-of-Year FE + ¢ijs, ®)

where the dependent variable, In(Wage_avg), is the natural logarithms of the employee’s average
monthly wage in either the three months before or the three months after the month of the EA.
Specifically, for firm j’s EA in quarter t, we have two observations for each employee i: one for
the three months before the month of the EA (s = pre) and one for the three months after the month
of the EA (s = post).

Table 8 presents the results of estimating Equation 3. The number of observations in the
regression is 8,954,139, which is around 24% lower than the 11,807,012 observations in
regression (1), indicating significant sample attrition due to the additional requirement of wage

data for a longer horizon. The regression results show that the coefficient on CAR x After EA is
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positive and significant at the one percent level, suggesting that EA news is positively associated
with employee wages after the EA compared to those before the EA. In terms of economic
magnitude, as CAR increases by one standard deviation, an employee’s average wage increases by
0.08% (exp(0.0113x0.069) — 1 = 0.0008). Thus, while the results are highly statistically
significant, they are economically small. The small magnitude could be due to the sample attrition,
the stringent fixed effects (e.g., Firm-EA FE absorb some of the firm-wide wage adjustments
around the EA), or the measurement error in estimating future wages. For example, if firms fire
employees instead of paying lower wages or if employees are more likely to leave their firm when
they are not satisfied with pay, this could reduce our ability to capture changes in employees’ cash
flows. Also, our measure of employees’ income is noisy because it only reflects wages and bonuses
and does not include other forms of compensation, such as stock-based compensation. Subject to
these limitations, the results support the notion that, on average, better EA news predicts higher
future wages. These findings are consistent with the conjecture that employees react to EAs
because EA news provides information about their expected future cash flows.

[Insert Table 8 about here]

5. Conclusion

The information role of financial reporting for decision making is a fundamental question
in the accounting literature. In this study, we examine this question through the lens of rank-and-
file employees. We posit that EAs provide employees with information about their future cash
flows, which influences their consumption decisions. We utilize proprietary micro-level data on
individuals® financial transactions to capture employees’ consumption and examine how

employees react to their firms’ EA news.
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Consistent with the hypothesis that EAs news provides information relevant to employees’
consumption decisions, we find that EA news is positively associated with changes in employees’
consumption in the following weeks. This reaction to EA news is incremental to a host of fixed
effects that help alleviate various alternative explanations for our findings. Our cross-sectional
analyses show that EA news elicits stronger reactions from employees who are more likely to
attend to EA news. We find that the reactions to EA news are more positive for employees who
have been with their firm longer, employees in the firm’s headquarters state, and employees with
investment experience. Consistent with the notion that year-end results attract greater employee
attention, we find that employees’ reactions are stronger for the fourth fiscal quarter than interim
quarters. Finally, we find that EA news is positively associated with future changes in employee
wages, lending support to the idea that EA news contains information about employees’ future
cash flows.

Our paper contributes to the literature investigating the role of financial reporting in
supplying information pertinent to the decision making of various stakeholders. By examining the
reaction of employees’ consumption to EA news, our paper provides insights into the information
role of EAs in the decisions of rank-and-file employees. Furthermore, our investigation of how
reactions to EA news vary across employees and EAs enhances our understanding of when
financial reporting will likely have a greater impact on employees. These findings should be
relevant to managers and investor relations officers responsible for communicating financial

performance to stakeholders.
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Appendix A. Variables Definitions

Variable

Description

Post EA

Fourth QTR EA

BM

CAR

Positive CAR

Consumption

Investment Experience

HQ Employee

Leverage

Loss

Market Cap

ROA

Size

SUE

An indicator variable that equals one for the two-week period after the firm’s
earnings announcement and zero for the two-week period before the earnings
announcement.

An indicator variable that equals one if the earnings announcement is for the
fourth quarter of the fiscal year and zero otherwise.

The book-to-market ratio, calculated as the book value of equity divided by the
market value of equity at the end of the quarter.

The three-day cumulative market-adjusted stock return centered on the earnings
announcement day.

An indicator variable that equals one if the earnings announcement return, CAR,
is positive and zero otherwise.

The employee’s average weekly consumption over the two-week period before or
the two-week period after the earnings announcement day, where consumption is
computed as the total dollar amount of debit transactions charged on bank
accounts and credit accounts excluding the following categories: debt payments
(payments of credit card debt, consumer loans, and mortgages), tax payments,
transfers (money transferred to another bank account), investments (contributions
to retirement accounts and brokerage accounts), savings, and refunds/adjustments.

An indicator variable that equals one if the employee made at least one transfer
from their bank account to a brokerage account in the year before the earnings
announcement day and zero otherwise.

An indicator variable that equals one if the employee is located in the firm’s
headquarters state and zero otherwise. The employee’s state is estimated by the
data vendor based on the location of spending using a machine learning algorithm
that weighs certain transaction categories (e.g., rent, mortgage, and utilities)
higher.

The firm’s leverage ratio, calculated as total liabilities divided by total assets at
the end of the quarter.

An indicator variable that equals one if the IBES actual reported earnings per
share are negative and zero otherwise.

The market capitalization, in millions of dollars, calculated at the end of the
quarter.

The return on assets for the quarter, calculated as net income divided by total
assets.

Firm size, calculated as the natural logarithm of one plus the market capitalization
at the end of the quarter.

The standardized earnings surprise for the firm in that quarter, calculated as the
difference between actual reported earnings and analyst consensus forecast,
scaled by the stock price at the end of the fiscal quarter. The consensus is the
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Positive SUE

Tenure

High Tenure

Wage

Weekly Consumption

median of the most recent analyst forecasts made within 90 days before the
earnings announcement day.

An indicator variable that equals one if the standardized earnings surprise, SUE,
for the firm for the quarter is positive and zero otherwise.

The number of months the employee has received compensation from the firm
before the earnings announcement day.

An indicator variable that equals one if the employee’s tenure, Tenure, is equal to
or above the sample median and zero otherwise.

The wage the employee receives in the month prior to the month of the earnings
announcement, where wage transactions are classified by the data provider.

The employee’s consumption in a given week, where consumption is computed
as the total dollar amount of debit transactions charged on bank accounts and
credit accounts excluding the following categories: debt payments (payments of
credit card debt, consumer loans, and mortgages), tax payments, transfers (money
transferred to another bank account), investments (contributions to retirement
accounts and brokerage accounts), savings, and refunds/adjustments.
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Table 1: Sample Construction

Number of Number of  Number of  Number of
Employee-Firm- Firm- Unique Unique
Quarter-Weeks Quarters Firms Employees
Initial Sample (employees with 39,653,092 14,915 713 1,353,604
necessary data around at least one
earnings announcement by their firm
between 2014 and 2020)
Sample Restrictions
Exclude employees with a median (15,546,276) (665) (22) (648,104)
monthly wage during the sample
period less than or equal to $1,500
Exclude firms-quarters with missing (54,252) (39) 0 (124)
stock returns on CRSP
Exclude firm-quarters with missing (426,040) (61) 0 (8,510)
firm financial data on Compustat
23,626,524 14,150 691 696,866
Collapse weekly observations into pre-
and post-EA periods
Main Sample 11,807,012 14,150 691 696,866
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Table 2: Summary Statistics

Panel A reports descriptive statistics for our main sample at the employee level. Panel B reports the
summary statistics of employee characteristics by industry. Panel C compares the descriptive statistics for
firm characteristics in our sample at the firm-quarter level and those for the Compustat-CRSP-IBES
universe. Appendix A contains variable definitions.

Panel A. Summary Statistics

Mean SD P25 P50 P75 N
Consumption 1398.653 1705.147 482.985 900.375 1629.665 11,807,012
CAR 0.003 0.069 -0.035 0.002 0.041 11,807,012
Post EA 0.500 0.500 0.000 0.500 1.000 11,807,012
Wage 4953.052 4301.176 2304540  3670.591 6016.850 11,807,012
Tenure (in months) 21.865 19.249 6.000 16.000 33.000 11,807,012
HQ Employee 0.216 0.412 0.000 0.000 0.000 11,513,698
Investment Experience 0.221 0.415 0.000 0.000 0.000 11,807,012
Loss 0.054 0.226 0.000 0.000 0.000 11,761,008
SUE 0.001 0.004 0.000 0.001 0.002 11,576,592
Size 10.422 1.787 9.317 10.509 11.920 11,807,012
Market Cap 110,986.190 177,336.412 11,129.995 36,628.961 150,266.547 11,807,012
BM 0.333 0.306 0.107 0.284 0.456 11,807,012
Leverage 0.724 0.168 0.620 0.708 0.830 11,807,012
ROA 0.015 0.018 0.007 0.014 0.024 11,807,012

Panel B. Summary Statistics of Employees by Fama-French 12 Industry

# Unique  # Unique Avg. Avg. AvG. % HQ %Ilnvestment
Industry Firms  Employees Consumption  Wage Tenure Employees  Experience
(months)
Consumer Non-Durables 51 23,794 1369.862 4724451  20.615 17.693% 20.23%
Consumer Durables 17 16,515 1250.088 5045.477  22.941 39.155% 20.59%
Manufacturing 20 5,842 1334.980 4522.667  22.026 32.476% 18.11%
Energy 13 17,305 1715.458 7681.049  26.312 48.426% 30.04%
Chemicals 6 8,090 1154.038 4108.604  24.315 31.348% 19.55%
Business Equipment 118 134,750 1715.030 6443.121  18.855 34.846% 29.94%
Telecommunications 39 66,575 1288.916 4446.912  22.884 17.487% 22.16%
Utilities 54 17,686 1471.883 5155.233  25.271 54.022% 21.29%
Shops 194 194,946 1151.764 3494.674  20.973 12.660% 15.62%
Healthcare 18 30,887 1360.188 4989.901 21.618 9.331% 21.75%
Finance 70 51,620 1410.846 4556.863  22.466 18.688% 21.33%
Other 91 165,625 1517.436 5736.053  23.216 17.651% 24.52%
Full sample 691 696,866 1398.653 4953.052  21.865 21.620% 22.08%
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Panel C. Comparison with Firms in the Compustat-CRSP-IBES Universe

Main Sample Compustat-CRSP-IBES

Mean SD Mean SD Mean Difference p-value
CAR 0.001 0.083 0.001 0.109 0.0004 0.6033
Size 8.391 1.709 6.657 2.140 1.7338*** <0.001
Market Cap 21,425.951 66,333.569 7,271.060 34,843.466 14,154.89***  <0.001
BM 0.420 0.387 0.559 1.283 -0.1392*** <0.001
Leverage 0.659 0.218 0.595 0.400 0.0645*** <0.001
ROA 0.010 0.022 -0.019 0.693 0.0289*** <0.001
Loss 0.133 0.340 0.193 0.394 -0.0595*** <0.001
SUE 0.001 0.006 0.000 0.140 0.0007 0.5406
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Table 3: Main Results — Market Reaction to EA News and Employee Consumption

This table reports coefficient estimates from regressions estimating the effect of EA news on employee
consumption. For each EA event, the regressions compare employee consumption in the two weeks before
versus the two weeks after the EA, conditional on the EA news. In all specifications, the dependent variable
is In(1+Consumption), the natural log of one plus the average weekly employee consumption either in the
two-week period before or after the EA. The main independent variable of interest is CAR x Post EA, where
CAR is the three-day cumulative market-adjusted return around the firm’s EA, and Post EA is an indicator
variable equal to one for the two-week period after the EA and zero for the two-week period before the
announcement. EA-event fixed effects (Firm-EA FE) are included in all specifications to absorb all firm-
year-quarter factors. Week-of-Year FE are included to control for seasonality of consumption. Employee
level controls include In(Wage), the natural log of the employee’s monthly wage during the month
preceding the EA’s month, and employee fixed effects (Employee FE). Appendix A contains variable
definitions. Robust standard errors are clustered by employee and presented in parentheses. ***, ** and *
denote significance at the 1%, 5%, and 10% levels.

Dependent Variable: In(1+Consumption)

) 2

CAR x Post EA 0.1492*** 0.1003***

(0.0071) (0.0072)
Post EA 0.0443*** -0.0405***

(0.0007) (0.0010)
In(Wage) 0.1990*** 0.1990***

(0.0017) (0.0017)
Firm-EA FE Yes Yes
Employee FE Yes Yes
Week-of-Year FE No Yes
Adj. R? 0.441 0.445
Obs. 11,807,012 11,807,012
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Table 4: Cross-sectional Analyses — Fourth Quarter versus Interim Announcements

This table reports the results of cross-sectional analyses comparing the effect of fourth-quarter versus
interim EAs. In all specifications, the dependent variable is In(1+Consumption), the natural log of one plus
the average weekly employee consumption either in the two-week period before or after the EA. The main
independent variable of interest is CAR x Post EAx Fourth QTR EA, where CAR is the three-day
cumulative market-adjusted return around the firm’s EA, Post EA is an indicator variable equal to one for
the two-week period after the EA and zero for the two-week period before the announcement, and
Fourth QTR EA is an indicator equal to one for fourth quarter EAs and zero otherwise. EA-event fixed
effects (Firm-EA FE) are included in all specifications to absorb all firm-year-quarter factors. Week-of-Year
FE are included to control for seasonality of consumption. Employee level controls include In(Wage), the
natural log of the employee’s monthly wage during the month preceding the EA’s month, and employee
fixed effects (Employee FE). Appendix A contains variable definitions. Robust standard errors are clustered
by employee and presented in parentheses. ***, ** and * denote significance at the 1%, 5%, and 10%
levels.

Dependent Variable: In(1+Consumption)

1) )
CAR x Post EA x Fourth QTR EA 0.2829*** 0.1402***
(0.0167) (0.0168)
CAR x Post EA 0.0839*** 0.0693***
(0.0080) (0.0080)
Post EA x Fourth QTR EA -0.0160*** -0.0141%**
(0.0012) (0.0019)
Post EA 0.0483*** -0.0363***
(0.0008) (0.0012)
In(Wage) 0.1990*** 0.1990***
(0.0017) (0.0017)
Firm-EA FE Yes Yes
Employee FE Yes Yes
Week-of-Year FE No Yes
Adj. R? 0.441 0.445
Obs. 11,807,012 11,807,012
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Table 5: Cross-sectional Analysis — When Employees More Likely Respond to Earnings News

This table reports the results of cross-sectional analyses based on when employees are more likely to
respond to earnings news. In all specifications, the dependent variable is In(1+Consumption), the natural
log of one plus the average weekly employee consumption either in the two-week period before or after the
EA. The main independent variables of interest are the triple interaction terms. High Tenure is an indicator
variable equal to one if the employee’s tenure at the firm (in months) is equal to above the median tenure
across all employees and zero otherwise. HQ Employee is an indicator variable equal to one for employees
in the firm’s headquarters state and zero otherwise. Investment Experience is an indicator variable that
equals one if the employee made at least one transfer from their bank account to a brokerage account in the
year before the earnings announcement day and zero otherwise. EA-event fixed effects (Firm-EA FE) are
included in all specifications to absorb all firm-year-quarter factors. Week-of-Year FE are included to
control for seasonality of consumption. Employee level controls include In(Wage), the natural log of the
employee’s monthly wage during the month preceding the EA’s month, and employee fixed effects
(Employee FE). Appendix A contains variable definitions. Robust standard errors are clustered by employee
and presented in parentheses. ***, ** and * denote significance at the 1%, 5%, and 10% levels.

Dependent Variable: In(1+Consumption)

1) (2 ®3)

CAR x Post EA x High Tenure 0.0275**

(0.0140)
CAR x Post EA x HQ Employee 0.0966***

(0.0193)
CAR x Post EA x Investment Experience 0.0315*
(0.0182)

CAR x Post EA 0.0858*** 0.0829*** 0.0925***

(0.0098) (0.0079) (0.0078)
Controls Yes Yes Yes
Firm-EA FE Yes Yes Yes
Employee FE Yes Yes Yes
Week-of-Year FE Yes Yes Yes
Adj. R? 0.445 0.445 0.445
Obs. 11,807,012 11,807,012 11,807,012
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Table 6: Dynamic Tests — Weekly Regressions

This table reports coefficient estimates from the weekly-level regressions estimating the effect of EA news
on employee consumption. For each EA event, the regressions compare employee weekly consumption in
the four-week window centered around their employer’s EA, conditional on the EA news. In all
specifications, the dependent variable is In(1+Weekly Consumption), the natural log of one plus the
employee’s consumption in a given week. Week = -2 covers the days in the range of
[-14, —8] relative to day O of the EA; Week = —1 covers days of [-7, —1]; Week = +1 covers days of [1, 7];
Week = +2 covers days of [8, 14]. I[Week = w] is a dummy variable indicating the corresponding week
withw=-2,-1, +1, or +2. EA-event fixed effects (Firm-EA FE) are included in all specifications to absorb
all firm-year-quarter factors. Week-of-Year FE are included to control for seasonality of consumption.
Employee level controls include In(Wage), the natural log of the employee’s monthly wage during the
month preceding the EA’s month, and employee fixed effects (Employee FE). Appendix A contains variable
definitions. Robust standard errors are clustered by employee and presented in parentheses. ***, ** and *
denote significance at the 1%, 5%, and 10% levels.

Dependent Variable: In(1+Weekly Consumption)

@ (2

CAR x I[Week =-2]
CAR x [[Week = -1] 0.0940*** 0.0135

(0.0098) (0.0098)
CAR x [[Week = +1] 0.3060*** 0.1622***

(0.0100) (0.0099)
CAR x [[Week = +2] 0.0557*** 0.0441***

(0.0102) (0.0102)
Controls Yes Yes
Firm-EA FE Yes Yes
Employee FE Yes Yes
Week-of-Year FE No Yes
Adj. R? 0.354 0.360
Obs. 23,626,524 23,626,524
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Table 7: Robustness — Main Results Using Alternative Measures of Earnings News

This table repeats specification (2) from Table 3 using alternative measures of EA news. For each EA event,
the regressions compare employee consumption in the two weeks before versus the two weeks after the EA,
conditional on the EA news. In all specifications, the dependent variable is In(1+Consumption), the natural
log of one plus the average weekly employee consumption either in the two-week period before or after the
EA. The main independent variables of interest are Positive CAR x Post EA, Positive SUE x Post EA, and
Loss x Post EA. Positive CAR is an indicator equal to one if CAR is positive and zero otherwise; Positive
SUE is an indicator equal to one if SUE is positive and zero otherwise, where SUE is the difference between
actual reported earnings and analyst consensus forecast, scaled by the stock price at the end of the fiscal
guarter; Loss is an indicator equal to one if the firm reports a loss in the current quarter and zero otherwise;
Post EA is an indicator variable equal to one for the two-week period after the EA and zero for the two-
week period before the EA. EA-event fixed effects (Firm-EA FE) are included in all specifications to absorb
all firm-year-quarter factors. Week-of-Year FE are included to control for seasonality of consumption.
Employee level controls include In(Wage), the natural log of the employee’s monthly wage during the
month preceding the EA’s month, and employee fixed effects (Employee FE). Appendix A contains variable
definitions. Robust standard errors are clustered by employee and presented in parentheses. ***, ** and *
denote significance at the 1%, 5%, and 10% levels.

Dependent Variable: In(1+Consumption)

) (2 3
Positive CAR x Post EA 0.0109***
(0.0010)

Positive SUE x Post EA 0.0024**

(0.0012)
Loss x Post EA -0.0052**

(0.0025)

Controls Yes Yes Yes
Firm-EA FE Yes Yes Yes
Employee FE Yes Yes Yes
Week-of-Year FE Yes Yes Yes
Adj. R? 0.445 0.445 0.445
Obs. 11,807,012 11,576,592 11,761,008
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Table 8: EA News and Future Employee Wages

This table reports coefficient estimates from regressions estimating the association between EA news and
employee wage. For each EA event, the regressions compare average monthly employee wage in the three
months before versus three months after the month of an EA, conditional on the EA news. In all
specifications, the dependent variable is In(Wage_avg), the natural log of the average monthly employee
wage either in the three-month period before or after the month of the EA. The main independent variable
of interest is the interaction CAR x After EA, where CAR is the three-day cumulative market-adjusted return
around the EA, and After EA is an indicator variable equal to one for the three-month period after the month
of the EA and zero for the three-month period before the month of the EA. Earnings-announcement-event
fixed effects are included in all specifications to absorb all firm-year-quarter factors. Week-of-Year FE are
included to control for seasonality in take-home wages (after retirement contributions etc.), overtime pay,
and bonuses. We include employee fixed effects to control for individual employee heterogeneity.
Appendix A contains variable definitions. Robust standard errors are clustered by employee and presented
in parentheses. ***, ** and * denote significance at the 1%, 5%, and 10% levels.

Dependent Variable: In(Wage_avg)

) 2

CAR x After EA 0.0169*** 0.0113***

(0.0019) (0.0019)
After EA 0.0165*** 0.0160***

(0.0001) (0.0002)
Firm-EA FE Yes Yes
Employee FE Yes Yes
Week-of-Year FE No Yes
Adj. R? 0.871 0.872
Obs. 8,954,139 8,954,139
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